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Abstract:

Graph mining is a special case of structured data min-
ing. By increasing various contents in web, recommen-
dation by user also be increased as well as techniques
for those maintenance also be very necessary. Various
recommendations on web are movies, news, music,
books and images, etc. Number of recommendations
is search by all around world. These data recommen-
dation modeled in data resources using different types
of graphs. But these methods are less structured and
more diverse. So here we implemented a framework
for recommendation mining in web graphs. This frame-
work developed by using heat diffusion techniques in
both directed and undirected graphs. It is applied for
large scalable data also.

Keywords:
Web Mining, Recommendation, Query Suggestion,
Web Graph, Personalized Recommendation.

Introduction:

Web mining - is the application of data mining tech-
niques to discover patterns from the Web. According to
analysis targets, web mining can be divided into three
different types, which are Web usage mining, Web con-
tent mining and Web structure mining. Web mining is
the important application of data mining technique to
discover patterns from the Web. Considering to analy-
sis targets, the web mining basically divided into three
different types, which can be Web usage mining, Web
content mining and Web structure mining. Content
mining is the mining information, extraction and inte-
gration of valuable data, Knowledge and information
from Web page contents. The heterogeneity and the
nonexistence of structure that allows most of the ever
expanding information and knowledge sources on the
World Wide Web, like hypertext documents, creates
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automated discovery and organization, search and in-
dexing tools of the Internet and the World Wide Web
such as Web Crawler.A web graph describes the direct-
ed links between pages of the World Wide Web. The
graph, in general, consists of some vertices, several
pairs connected by edges. In a directed graph, edges
are directed lines or arcs. A web graph is a directed
graph, its vertices relates to the pages of the World
Wide Web, the directed edge joins page X to page Y
if there exists a hyperlink on page X, referring to page
The applications of web graph can be as follows:

1. The web graph is used for computing the Page Rank
of the WWW pages.

2. The web graph is used for computing the personal-
ized Page rank.

3. The web graph can be used for detecting web pages
of same topics, over graph theoretical properties.

Recommender systems, is the system that predict the
‘rating’ or the ’preference’ that a user can give to an
item like music, books or social element for e.g. peo-
ple. Recommender systems have become tremen-
dously important for Web 2.0 related applications as
user generated information is more free style and less
structured , which creates difficulties in mining impor-
tant information from data sources. Recommender
systems are based on Collaborative filtering approach.
It is a technique that automatically gives interest of all
active users. It collects rating information from other
similar users. There are different challenges for a rec-
ommender system.

1. It is very difficult to recommend latent semantically
relevant results to user.

2. Itis difficult to use personalization features.

3. It is time consuming as well as inefficient to design
different recommendation and applying these algo-
rithms to different recommendation tasks.
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Existing System:

The last challenge is that it is time-consuming and inef-
ficient to design different recommendation algorithms
for different recommendation tasks. Actually, most of
these recommendation problems have some common
features, where a general framework is needed to uni-
fy the recommendation tasks on the Web. Moreover,
most of existing methods are complicated and require
tuning a large number of parameters.

Disadvantages:

It is becoming increasingly harder to find relevant con-
tent and what user recommends the actual thing.

Proposed System:

In order to satisfy the information needs of Web users
and improve the user experience in many Web applica-
tions, Recommender Systems. This is a technique that
automatically predicts the interest of an active user by
collecting rating information from other similar users
or items. The underlying assumption of collaborative
filtering is that the active user will prefer those items
which other Similar users prefer the proposed method
consists of two stages: generating candidate queries
and determining “generalization/specialization” rela-
tions between these queries in a hierarchy.
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The method initially relies on a small set of linguistically
motivated extraction patterns applied to each entry
from the query logs, then employs a series of Web-
based precision-enhancement filters to refine and rank
the candidate attributes.

Advantages:

(1) Itis a general method, which can be utilized to many
recommendation tasks on the Web.

(2) It can provide latent semantically relevant results to
the original information need.

(3) This model provides a natural treatment for person-
alized recommendations.

(4) The designed recommendation algorithm is scal-
able to very large datasets.

Algorithm:

Query Suggestion Algorithm.

1. A converted bipartite graph G = (V + V,E) consists of
query set V + and URL set V. The two directed edges
are weighted using the method introduced in

Previous section.
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2: Given a query q in V +, a subgraph is constructed by
using depth-first search in G. The search stops when
the number of queries is larger than a predefined num-
ber.

3: As analyzed above, set a = 1, and without loss of
generality, set the initial heat value of query q fg(0) =1
(the choice of initial heat value will not affect the sug-
gestion results). Start the diffusion process using f(1) =
eaRf(0).

4: Output the Top-K queries with the largest values in
vector f(1) as the suggestions.

Modules:

1.Posting the opinion
2.Image Recommendation Technique

3.Rating Prediction
4.Ranking Approach

5.Collaborative Filtering

6.Query Suggestion
Posting the opinion:

In this module, we get the opinions from various peo-
ple about business, e-commerce and products through
online. The opinions may be of two types. Direct opin-
ion and comparative opinion. Direct opinion is to post
a comment about the components and attributes of
products directly. Comparative opinion is to post a
comment based on comparison of two or more prod-
ucts. The comments may be positive or negative.

Image Recommendation Technique:

Another interesting recommendation application on
the Web is image recommendation. Focus on recom-
mending interesting images to Web users based on us-
ers’ preference. Normally, these systems first ask users
to rate some images as they like or dislike, and then
recommend images to the users Based on the tastes
of the users.
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However, the quality of recommendations can be eval-
uated along a number of dimensions, and relying on
the accuracy of recommendations alone may not be
enough to find the most relevant items for each User,
these studies argue that one of the goals of recom-
mender systems is to provide a user with highly per-
sonalized items, and more diverse recommendations
result in more opportunities for users to get recom-
mended such items. With this motivation, some stud-
ies proposed new recommendation methods that can
increase the diversity of recommendation sets for a
given individual user. They can give the feedback of
such items.

Rating Prediction:

First, the ratings of unrated items are estimated based
on the available information (typically using known
user ratings and possibly also information about item
content) using some recommendation algorithm. Heu-
ristic techniques typically calculate recommendations
baseddirectly onthe previous useractivities (e.g., trans-
actional data or rating values). For each user, ranks all
the predicted items according to the predicted rating
value ranking the candidate (highly predicted) items
based on their predicted rating value, from lowest to
highest (as a result choosing less popular items.

Collaborative Filtering:

User-based approaches predict the ratings of active us-
ers based on the ratings of their similar users, and item-
based approaches predict the ratings of active users
based on the computed information of items similar to
those chosen by the active user.

Ranking Approach:

Rankingitems according to the rating variance of neigh-
bors of a particular user for a particular item. There ex-
ist a number of different ranking approaches that can
improve recommendation diversity by recommending
items other than the ones with topmost predicted rat-
ing values to a user. A comprehensive set of experi-
ments was performed using every rating prediction
technique in conjunction with every recommendation
ranking function on every dataset for different number
of top-N recommendations.
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Query Suggestion:

In order to recommend relevant queries to Web users,
a valuable technique, query suggestion, has been em-
ployed by some prominent commercial search engines.
This extends the original query with new search terms
to narrow down the scope of the search. But different
from query expansion, query suggestion aims to sug-
gest full queries that have been formulated by previ-
ous users so that query integrity and coherence are
preserved in the suggested queries.

CONCLUSION:

Recommendation System is used in web graphs using
heat diffusion. This general framework which can basi-
cally be adapted to most graphs for recommendation
tasks are query suggestion and personalized recom-
mendations. The generated suggestions are semanti-
cally related to the input. It is important for Web 2.0
related applications since user-generated information
is more freestyle and less structured, which increases
the difficulties in mining useful information from these
data sources. In order to satisfy the information re-
quirements of Web users and improve the user experi-
ence in various Web applications.
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