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Abstract: 

Friend book is a novel semantic-predicated friend 

recommendation system for gregarious networks, 

predicated on their life styles in lieu of gregarious 

graphs which recommend friends to users. Subsisting 

convivial networking accommodations recommend 

friends to users predicated on their convivial graphs, 

which may not be the most opportune to reflect a 

user’s predilections on friend cull in authentic life. 

User’s daily life is modeled as life documents, from 

which users life styles are extracted by utilizing the 

Latent Dirichlet Allocation algorithm; Kindred 

attribute metric to quantify the kindred attribute of 

life styles amongusers, user’s impact is calculated in 

terms of living styles with a friend-corresponding 

graph. In this paper, a gregarious network is 

formally represented and taking text mining as a 

position, we have suggested a framework that will 

recommend friend using an effective Algorithm. 

Here, we have examined the structure of Facebook 

plus considering the actions of someones got some 

values & computed the score of each individual 

proclaimed on which we have, examined and 

calculated to express the percentage of homogeneous 

attribute of life styles among users, and recommends 

friends to users if their life styles have high 

homogeneous attribute. 

 

Keywords:- Friend testimonial, life fashion, social 

network. 

 

INTRODUCTION 

Subsisting convivial networking accommodations 

recommend friends to users predicated on their 

convivial graphs, which may not be the most 

opportune to reflect a user’s predilections on friend 

cull in authentic life. In such paper, we 

introduceFriendbook, a novel semantic-predicated 

friend recommendation system for gregarious 

networks, which recommends friends to users 

predicated on their life styles in lieu of convivial 

graphs. By capitalizing on sensor-affluent 

smartphones, Friendbookfinds out life manners of 

users from utilizer-centric sensor data, measures the 

homogeneous attribute of life styles amongusers, and 

recommends friends to users if their life styles have 

high kindred attribute. Inspired by text mining, we 

example a utilizer’sday by day life as life documents, 

from which his/her life styles are expressed by 

utilizing the Latent Dirichlet Allocation algorithm. We 

further propose a homogeneous attribute metric to 

quantify the homogeneous attribute of life styles 

amongusers, and estimate utilizers impact in terms of 

life fashions with a friend-matching chart. Upon 

receiving a request, Friendbook returns a list of people 

with most prominent recommendation marks to the 

query utilizer. Conclusively, Friendbook integrates a 

feedback mechanism to further ameliorate the 

recommendation precision. We have implemented 

Friendbook on the Android-predicated Smartphone, 

plus measured its execution on both smallscale 

experiments and immensely colossal-scale simulations. 

The solutions express that the recommendations 

accurately shine the tastes of users in culling friends. 

 

As time passes, WWWbecomes on arising. Lots of 

data is available on internet. All the information which 

we get is not germane, only few of them are pertinent. 

When a utilizer endeavors to probe something on 

WWW s/he lands up with thousands of result. As a 
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result, s/he will mess up with astronomically immense 

information. Hence fetching the genuinely required 

details gets cumbrous plus time taking. This affords 

elevate to data filtering system. In early days, for data 

filtering, Information Filtering (IF) was utilized. IF 

was fundamentally developed for filtering 

documentation, articles, news etc. Looking to our era, 

e-Commerce Department is arising explosively. 

Whenever a utilizer makes a search for particular item 

on internet to buy, s/he will get many options. Visually 

examining the options utilizer gets perplex what to 

buy, and will not able to sort the item that is congruous 

to him/her. This quandary gave elevate to 

Recommendation System [RS]. A recommender 

system is a personalization system that avails users to 

find items of interest predicated on their predilections. 

Recommender systems are efficient implements that 

overcome the information overload quandary by 

providing users with the most pertinent contents [8]. 

 

The consequentiality of contextual information has 

been apperceived by researchers plus practitioners in 

lots subjects letting in Ecommerce, personalized IR, 

ubiquitous and mobile computing, data mining, 

marketing and management. There are many subsisting 

e-commerce websites which have implemented 

recommendation systems prosperously. We will talk 

about elite website in our coming up segment that 

supplies recommendation. Items are suggested by 

visually examining the demeanor of like-minded-users. 

Groups are composed of such users, and items 

preferred by such groups are recommended to the 

utilizer, whose relishing and demeanor is akin to the 

group. In our model we have incorporated utilizer 

predilections obtained from Convivial Networking 

Site. Gregarious Networking sites are utilized 

intensively from last decade. According to the current 

survey, Convivial Networking sites have the most 

immensely colossal data set of users. Each gregarious 

networking internet site notes/records for each one and 

all action of utilizer (like: what utilizer relishes? what 

utilizer is doing? what is user’s hobby? Etc). Convivial 

Networking site will prove to be most sizably 

voluminous domain in understanding the utilizer 

comportment. One of the best examples of convivial 

networking is FACEBOOK. According to current 

news FACEBOOK is endeavoring to develop 

algorithm, to understand utilizer deportment. Convivial 

Networking sites can avail us in getting paramount 

information of users, such as age, gender, location, 

language, actives, relishes etc. our example brings into 

explanation these arguments of the utilizer to 

recommend books. Almost of the friend propositions 

mechanism trusts on pre-subsisting utilizer human 

relationship to choice friend candidates. For example, 

Facebook trusts on a convivial link analysis among 

those who already share prevalent friends plus 

encourages symmetrical users as possible friends. The 

patterns to group people together let in: 

1) Habits or life style 

2) Attitudes 

3) Samples 

4) Lesson measures 

5) Economic level; plus 

6) People they so soon know. 

Ostensibly, rule #3 and rule #6 are the mainstream 

factors considered by subsisting recommendation 

systems. 

 

RELATED WORK 

Enables engineering for mobile phone sensing to ken 

about human deportment and context on mobile 

phones which uses coalescence of collaborative 

sensing and relegation techniques. This is the first 

scheme that enforces distributed machine studying 

techniques plus collaborative illation concepts to 

mobile phones. To achieve better interference 

precision we are utilizing collaborative sensing. 

Machine learning techniques concretely planned to run 

straight on sensor enabled mobile phones. This paper 

is an automatized approaching to updating models all 

over time what that ye classifiers are rich to the 

variance in feeling conditions and settings mundane to 

mobile phones. 

 

Rewards 

 Ye classifiers are rich. 
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 The classifier methods are automated to 

update the models. 

 Collaborative inference is implemented to 

achieve better precision. 

 

K. Farrahi et al. [3] look into probabilistic topic 

models as neglected machine learning conveys out for 

largescale socio-geographic activity mining. They 

propose a methodology predicated on Latent Dirichlet 

Algorithm (LDA) for the revelation of ascendant 

location routines. In this paper they used two probable 

modelsthat is to say Multi-Level Topic Model plus 

Pair sapient –Distance Topic Model. First they propose 

a Multi-Level Topic example as a method to contain 

multiple time duration sequences into a probabilistic 

procreative topic model. 

 

And then they propose the Pair sagacious-Distance 

Topic Model as ancome near to address the dilemma 

of modeling long length actions with topics. Overall, 

such thesis addresses Investigations principled on 

mathematical examples plus multiple types of mobile 

phone sensor information are performed to mine 

authentic life human activities in immensely colossal-

scale scenarios. 

 

Advantages 

 Utilized for computing sizably voluminous 

scale data. 

 Abstracts the desideratum for coarse time-slot 

 

T. Huynh et al. [3] spring up an unsupervised 

methodologically predicated on two differing 

probabilistic topic models and apply them to the 

circadian life. They have proposed a method to 

represent location sequences, and incorporated this 

into ye LDA plus ATM topic examples. The leaving 

dispersions of words for latent topics, as well as topics 

given days, and topics given users, re-veal obnubilated 

structure of routines which use to perform varying 

tasks, including finding users or groups of users that 

exhibit given routines, and determining times. 

 

 

Advantage 

 Used to compute substantial amount of data 

facilely 

 

SYSTEM MODEL 

 
Fig 1 System architecture. 

 

Life style modeling 

Life styles and activities are reflections of daily lives at 

two different calibers where daily lives can be treated 

as an amalgamation of life styles and life styles as an 

amalgamation of activities. This is analogous to the 

treatment of documents as ensemble of topics and 

topics as ensemble of words. By capitalizing on recent 

developments in the field of text mining, we model the 

circadian lives of utilizers as life documents, the life 

fashions as topics, and the activities as words. 

 
Fig 2: Bag of Activity 

 

Activity recognition 

We require to first relegate or agnize the activities of 

users. Life styles are customarily reflected as a 

coalescence of kineticism activities with different 
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occurrence probability. Generally verbalizing, there 

are two mainstream approaches: supervised studying 

plus unsupervised studying. For both approaches, 

mature techniques have been developed and tested. In 

practice, the number of activities involved in the 

analysis is capricious and it is arduous to accumulate 

an astronomically immense set of ground truth data for 

each activity, which makes supervised learning 

algorithms unsuitable for our system. Therefore, we 

utilize unsupervised learning approaches to agnize 

activities. Here, we  adopt the popular K-denotes 

clustering algorithm to group information into 

bunches, where each cluster represents an activity. 

Note that activity apperception is not the main concern 

of our paper. Other more perplexed clustering 

algorithms can certainly be utilized. We optate K-

designates for its simplicity and efficacy. 

 

Friend matching graph construction 

To characterize cognations among utilizers, in this 

division, we suggest the friend-matching graph to 

represent the kindred attribute among their life 

fashions plus how they determine early people in the 

graph. Predicated on the friend-matching graph, we 

can obtain a user’s affinity reflecting how likely this 

utilizer will be culled as another user’s friend in the 

network. We define an incipient kindred attribute 

metric to quantify the homogeneous attribute among 

two life style vectors. Predicated on the kindred 

attribute metric, we model the cognations amongusers 

in authentic life as a friend-matching graph. The 

friend-matching graph has been built to shine life 

fashion cognations among users. 

User impact ranking 

The impact ranking designates a user’s capability to 

establish comities in the network. Once the ranking of 

a utilizer is obtained, it provides guidelines to those 

who receive the recommendation list on how to optate 

friends. The ranking itself, however, should be 

autonomous from yequestion utilizer. The ranking 

depends only on the graph structure of the friend-

matching graph, which holds 2views: 1) how the edges 

are connected; 2) how much weight there is on every 

edge. This can be accomplished using burdened Page 

Rank algorithm. 

 

PROPOSED WORK 

During the web development phase, the utilizer data is 

recorded into our database. The utilizer activity from 

the database is accessed. An algorithm for calculating 

dominating life style vector of utilizer is developed. 

LDA algorithm is a way of automatically discovering 

topics that yecondemnations in papers has, it finds the 

subject by calculating the probability of words in 

document. Similarly in case of FaceBook we apply this 

method and find the ascendant life style vector as 

below, . The life style of users is excerpted by the life 

fashion analysis module with the probabilistic topic 

model, and then the life style indexing module puts the 

life styles of utilizers into ye database in the format of 

(life-style, utilizer) The probabilistic topic model can 

be given as, 

P(Wi |dk)=∑
Z

j=1 p(wi |zj) p(zj |dk) 

Where, w-activity Z-life style D –set of document plus 

in our case as we are carrying out it in facebook, dk 

can be considered as 1 as we are able to fetch the 

topics directly by considering utilizer activity as whole 

document. 

 

The topics may be movies, books read, sports etc. plus 

ye count of these actions can be accessed predicated on 

the sanction given by FaceBook developers and the 

people who authenticates in to our app and sanction us 

to access the data to recommend them friend of 

kindred interestingness between ye people of our 

information. As we get the count values we calculate 

probability of each activity of utilizer utilizing above 

formula then we find dominating life style vector of 

utilizer by designating some surmised threshold 

measure in our case we have regarded it as 0.2.let us 

define this threshold as α (alpha) And after finding 

dominating life style vector of utilizer we find kindred 

attribute among the users this is done utilizing the 

below formula, 

S=Sc(i,j).Sd(i,j). 

where i & j are number of usersSc=is cosine similarity 

and Sd= is distance similarity. 
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Hence, a cosine similarity can be calculated as below 

Among user 1 & user 2, 

Sc(U1,U2)=COS(U1,U2)=a.b/|a||b| Similarly with all 

the utilizers it is computed. And length resemblance is 

calculated as below, 

Sd(U1,U2)=2|D1∩D2|/|D1|+|D2|. 

 

After calculating kindred attribute value for all the 

utilizer with every Other utilizer we store those values 

in matrix form from which We recommend a friend to 

the utilizer who is more preponderant then Some 

designated threshold value, we have postulated 

Threshold value as 0.5 in our case and let’s consider 

this Recommending threshold as β(beta). In the 

proposed work, we have fixated on four consequential 

phases as below Fig. 

a. Engendering a utilizer interface application for 

evidence: Web apps that want approve to access 

certain information. Your authenticate page verifies a 

utilizer's name and password, places a cookie on the 

utilizer's computer so he can return later, and uses 

database questions to recall the personal data for the 

utilize 

 

b. Extracting utilizer data and storing in database: We 

utilize Graph API implements for extracting  data. The 

advantages of Graph API over antecedent work are the 

ability to learn highly precise extraction rules, and then 

we store this utilizer information like ‘name’, ‘email’, 

relishes, in the database that we have engendered. 

 

c. Finding ascendant life style: Depending on the 

activities that utilizer has done we acquire certain 

count of the action, then we compute probabilities of 

each life style and consider those values who are more 

preponderant then some designated threshold value α 

(alpha). In which the utilizer interacts with ye site by 

our application. 

 

d. Recommending potentiality friend: We compute the 

homogeneous attribute amongst the utilizers and 

recommend friends to the query utilizer who are above 

certain threshold value β (beta). 

 
Fig 3: General Architectural model 

 

RESULT MODULE 

Bag of Activity of User1 

 
 

CONCLUSION 

In our approach we presented the design and 

implementation of FriendBook, a semantic-predicated 

friend recommendation system for convivial networks. 

Different from the friend recommendation mechanisms 

relying on convivial graphs in subsisting gregarious 

networking accommodations, the results showed that 

the recommendations accurately reflect the 

predilections of users in culling friends. Beyond the 
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current prototype, ye future work can be focused on 

carrying out it on early gregarious networking, plus 

same can be acclimated to build stand alone app and 

access the utilizer activity through mobile sensors. 

FriendBook can utilize more information for life 

revelation, which should amend the recommendation 

experience in the future. 

 

REFERENCES 

[1] D. M. Blei, A. Y. Ng, and M. I. Jordan. Latent 

DirichletAllocation.Journal of Machine Learning 

Research, 3:993-1022, 2003. 

 

[2] P. Desikan, N. Pathak, J. Srivastava, and V. 

Kumar.Incremental page rank computation on 

evolving graphs.Proc.of WWW, pages 1094-1095, 

2005. 

 

[3] N. Eagle and A. S. Pentland. Reality Mining: 

SensingComplex Cocial Systems. Personal Ubiquitous 

Computing,10(4):255-268, March 2006. 

 

[4] K. Farrahi and D. Gatica-Perez.Probabilistic 

mining ofsociogeographic routines from mobile phone 

data.SelectedTopics in Signal Processing, IEEE 

Journal of, 4(4):746-755,2010. 

 

[5] K. Farrahi and D. Gatica-Perez.Discovering 

Routines fromLargescale Human Locations using 

Probabilistic TopicModels.ACM Transactions on 

Intelligent Systems andTechnology (TIST), 2(1), 2011. 

 

[6] B. A. Frigyik, A. Kapila, and M. R. 

Gupta.Introduction to thedirichlet distribution and 

related processes.Department ofElectrical Engineering, 

University of Washignton, UWEETR-2010-0006, 

2010. 

 

[7] A. Giddens. Modernity and Self-identity: Self and 

Society inthe late Modern Age. Stanford UnivPr, 

1991.[8] L. Gou, F. You, J. Guo, L. Wu, and X. L. 

Zhang.Sfviz:Interestbasedfriends exploration and 

recommendation insocial networks. Proc. of VINCI, 

page 15, 2011. 

[9] W. H. Hsu, A. King, M. Paradesi, T. Pydimarri, 

and T.Weninger.Collaborative and structural 

recommendation offriends using weblog-based social 

network analysis.Proc.OfAAAI Spring Symposium 

Series, 2006. 

 

[10] T. Huynh, M. Fritz, and B. Schiel.Discovery of 

ActivityPatterns using Topic Models.Proc. of 

UbiComp, 2008. 

 

[11] J. Kwon and S. Kim.Friend recommendation 

method usingphysical and social context. International 

Journal of ComputerScience and Network Security, 

10(11):116-120, 2010. 

 

[12] J. Lester, T. Choudhury, N. Kern, G. Borriello, 

and B.Hannaford. A Hybrid Discriminative/Generative 

Approach forModeling Human Activities. Proc. of 

IJCAI, pages 766-72,2005. 

 

[13] Q. Li, J. A. Stankovic, M. A. Hanson, A. T. Barth, 

J. Lach,and G. Zhou. Accurate, Fast Fall Detection 

Using Gyroscopesand Accelerometer-Derived Posture 

Information.Proc. OfBSN, pages 138-143, 2009. 

 

[14] E. Miluzzo, C. T. Cornelius, A. Ramaswamy, T. 

Choudhury,Z. Liu, and A. T. Campbell. Darwin 

Phones: the Evolution ofSensing and Inference on 

Mobile Phones. Proc. of MobiSys,pages 5-20, 2010. 

 

[15] E. Miluzzo, N. D. Lane, S. B. Eisenman, and A. 

T. Campbell.Cenceme-Injecting Sensing Presence into 

Social NetworkingApplications. Proc. of EuroSSC, 

pages 1-28, October 2007. 

 

[16] L. Page, S. Brin, R. Motwani, and T. Winograd. 

The PagerankCitation Ranking: Bringing Order to the 

Web. TechnicalReport, Stanford InfoLab, 1999. 

 

[17] S. Reddy, M. Mun, J. Burke, D. Estrin, M. 

Hansen, and M.Srivastava. Using Mobile Phones to 

Determine TransportationModes. ACM Transactions 

on Sensor Networks (TOSN),6(2):13, 2010. 



 
 

 Page 957 
 

[18] I. Ropke. The Dynamics of Willingness to 

Consume.Ecological Economics, 28(3):399-420, 1999. 

 

[19] A. D. Sarma, A. R. Molla, G. Pandurangan, and 

E. Upfal. Fastdistributed pagerank computation. 

Springer Berlin Heidelberg,pages 11-26, 2013. 

 

[20] G. Spaargaren and B. Van Vliet. Lifestyles, 

Consumption andthe Environment: The Ecological 

Modernization of DomesticConsumption. 

Environmental Politics, 9(1):50-76, 2000. 

 

[21] M. Tomlinson. Lifestyle and Social Class. 

EuropeanSociological Review, 19(1):97-111, 2003. 

 

[22] Z. Wang, C. E. Taylor, Q. Cao, H. Qi, and Z. 

Wang. Demo:Friendbook: Privacy Preserving Friend 

Matching based onShared Interests. Proc. of ACM 

SenSys, pages 397-398, 2011. 

 

[23] X. Yu, A. Pan, L.-A. Tang, Z. Li, and J. Han.Geo-

friendsrecommendation in gps-based cyber-physical 

social network.Proc. of ASONAM, pages 361-368, 

2011. 

 

[24] Y. Zheng, Y. Chen, Q. Li, X. Xie, and W.-Y. 

Ma.Understanding Transportation Modes Based on 

GPS Data forWeb Applications. ACM Transactions on 

the Web (TWEB), 


